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Causality Analysis from Grey Haze to Lung Cancer in Guangzhou
LIU Xiaoxue, HU Sanqging
(School o f Computer , Hangzhou Dianzi University , Hangzhou Zhejiang 310018, China)

Abstract ;: This paper studies causal relationship from grey haze to lung cancer and further identifies
the lag relationship between two variables in Guangzhou city. Firstly, establishing a linear regression
model of grey haze and lung cancer mortality; secondly calculating Granger causality value and new
causality value between two variables to confirm whether there is causality between them. Thirdly,
taking significance test for the two causality values to further verify the causality values are of
significance. Finally, calculating different lag part values and comparing the proportion of different lag
part takes to confirm the lag relationship between lung cancer mortality and grey haze. With the
constructing of linear regression model and the application of causality analysis methods, we can draw
a conclusion that grey haze is a causal cause of the rising trend of lung cancer mortality and on average
lung cancer mortality and aerosol particles has 8 years lag relationship.
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